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decisions. @ Auditable evidence

USE CASE DEMONSTRATION
Assurance by Design for Wireless Al

® Human oversight operations
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A backward decision audit traverses the trained model from output error to
active, valid input pathways.

5. Valid input
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1. Output gap

2. Invert mapping 6. Verify forward

Predicted: -66.99 dB
Measured: -66.88 dB correction:
Residual: -0.11 dB +(0.15 dB

Required raw

3. Test components

Operating input: fixed
Environmental loss:
unchanged
Antenna gain: unchanged

4. Active pathway

Antenna alignment
0.51->0.36
Accepted

Base-station tilt

5.0 deg -> 1.8 deg
Other inputs held fixed

Corrected: -66.88 dB
99.65% error

reduction Selectivity
=1.00

* Transparent inference: Intermediate outputs remain

interpretable.

* Resilience evidence: Tested under deployment and data shifts.
* Informed diagnhosis: Audit identifies and verifies corrective

actions.

* Reliable contextis required; missing or incorrect data limit

transfer.

* Backward audit diagnoses the model, not the real-world

causality.
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