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Introduction
❖ Need for efficient and dynamic radio resource management

❖ Higher-level scheduling over slices via virtual partitioning

❖ Lowel-level scheduling over users of each slice

Background
➢ RL and Multi-agent RL for resource scheduling over slices

➢ Interpretability in RL-based decision making

➢  Feature attribution for post-hoc action-level interpretations

➢ Knowledge distillation using decision trees, hypergraphs

➢ Attribution graphs for transition-level interpretations over time

Research objectives
❑ Policy-level interpretations summering the scheduling task

❑ Learning the subtasks of a successful scheduling task

Methodology
❖ Representing scheduling task via automaton 𝔄 =

𝒱, 𝒪, 𝑣0, 𝒱𝒯 , 𝛿𝜑  using high-level events in 𝒪 = 𝒯 × 𝒰

❖ Representing automaton using Answer set Programs (ASP)

❖ Learning ASP using Inductive Logic programming (ILP)

❖ Mapping automaton learning task ℑ𝔄 = 𝒱, 𝒪, 𝒞𝑅  into ILASP 
task ℑILASP = 𝒢, ℋ, ℰ 

Results and Findings
𝒜𝑟

1 = bvs0, ftp2, ftp0, bvs2, ftp1, ftp3, bvs1, bvs3, bvs4, ftp4, nr

Impact/key outcomes
➢ Automaton can bring considerable accuracy for cases with 

low system capacity and limited number of data 

➢ Interpretability of automaton in terms of traversing the 
satisfiability rules required for a successful scheduling
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